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2.3 Second arder descent methode
* second arder approximation
off at point xp :

approximationÈ¥§¥ ( n --0 mdoktht-fkpitoflz.ph)
i 1- < 1h, Beh >
arder] ,

/

% approximation ( n » ) ( Bg- H (Xy) for instance)
* A possible descentdirection is :ordret%Ë¥level lires

de = __ BÉ? 8f /xp)Ï ladreries Enty if Bg → O )
( orderly offlevel lipo



* Newton methode : Examplescn-fbyglxt-fh.MG
-

04=06 - 8¥

xüxg- Hftxpf.vf.by) Newton grxo
°

!:

oj*

"kzany.ge,
~ÎËË÷Ï÷÷;* Quasi - Newton methode :
-

%EE-BE.tfcxglauasi-Hentahx.me_ÆËË¥Ë:$
→ BFGÇ methode approximation #

g. cas ) y:* !
~ RËÏËË.



2.4 implementation with Scilab:> → descentmethode :

→
Test case : the Rosenbrrœk *THÉIER ¥
furtif • ordered : Newton

f- Gyy) -11001g -xÎHx-Ü * BREFS

! |
oneGlobal )
minimiser:(1,1)



2.scoristraintshandling.Maindrawbachionlyi.nl
rare~eprijedionfundion2.SI) Gradientprojection methodus unknown .

* Favorable caseirhypercube ?

0k¥ Kjaer -476kf ÉTÉstaiaxicbi }
= [a ;bIx[ayk]x . - -

✗ [aybn]
ba ÏÏ:* Ë

Xo

•¥÷K¥ ar - i
,

IA :

fusible a
, bi

set

Pad @pa) ) - (medbyqhjmedlza.by À



2.5.2.P-enalizationmethodrln-1PWYMax.am §
b-Dz )

"small"pénalisation ¥•ÈÀaxkyÂ
nopenalizatiéw

→
•*

** tg ya
a05 •• " string" andl>0 .¥1

. pénalisation Tintensityhfthepenalizaliominlfbot-fplxjcP.tt
XER
"

with p :(R
"
- R

"1-{ Oifxe@>☐ dse



2. 5.3) Dual methode
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